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Background: The Internet is used increasingly for both suicide research and prevention. To optimize online assessment of
suicidal patients, there is a need for short, good-quality tools to assess elevated risk of future suicidal behavior. Computer adaptive
testing (CAT) can be used to reduce response burden and improve accuracy, and make the available pencil-and-paper tools more
appropriate for online administration.
Objective: The aim was to test whether an item response–based computer adaptive simulation can be used to reduce the length
of the Beck Scale for Suicide Ideation (BSS).
Methods: The data used for our simulation was obtained from a large multicenter trial from The Netherlands: the Professionals
in Training to STOP suicide (PITSTOP suicide) study. We applied a principal components analysis (PCA), confirmatory factor
analysis (CFA), a graded response model (GRM), and simulated a CAT.
Results: The scores of 505 patients were analyzed. Psychometric analyses showed the questionnaire to be unidimensional with
good internal consistency. The computer adaptive simulation showed that for the estimation of elevation of risk of future suicidal
behavior 4 items (instead of the full 19) were sufficient, on average.
Conclusions: This study demonstrated that CAT can be applied successfully to reduce the length of the Dutch version of the
BSS. We argue that the use of CAT can improve the accuracy and the response burden when assessing the risk of future suicidal
behavior online. Because CAT can be daunting for clinicians and applied scientists, we offer a concrete example of our computer
adaptive simulation of the Dutch version of the BSS at the end of the paper.
(J Med Internet Res 2014;16(9):e207)   doi:10.2196/jmir.3511
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Introduction
Background
Suicide ideation is defined as the presence of thoughts, plans,
and wishes in an individual to end his/her own life [1].
Assessment of suicide ideation is argued to be important because
it may precede an attempt and it could provide information on
the seriousness and lethality of the suicidal intention [2]. The
Beck Scale for Suicide Ideation (BSS) is the 19-item self-report
version of the Scale for Suicide ideation, a systematic
interviewing tool developed for the assessment of suicide
ideation and risk of future suicidal behavior [1,3]. The BSS
inquires about suicidal thoughts and attitudes of subjects toward
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them. Because the BSS is widely accepted and has strong
psychometric properties, the BSS is frequently used in research
and clinical practice to assess risk of future suicidal behavior
[4].
The role of the Internet in suicide prevention is increasing [5,6].
Online self-help interventions are offered to recover from suicide
ideation [7], researchers collect data on suicidal behavior in real
time via mobile applications [8,9], and mental health institutions
monitor suicidal behavior of patients via online questionnaires
[10]. Attrition in online interventions and studies is a
well-known problem [11]. To optimize online assessment of
patients and thereby limit attrition, there is a need for a shorter
and more accurate questionnaire to assess risk of suicidality.
Traditional pencil-and-paper mental health questionnaires have
a large respondent burden because they require patients to
answer questions that do not provide any additional information.
In our example, the BSS has 19 items and a score range from
0 to 38. However, a prospective study showed that subjects who
scored >2 were 7 times more likely to show future suicidal
behavior than those that scored 2 or less [2]. It seems that when
assessing risk of future suicidal behavior, if a subject scores >2
there is no need to complete the other items. Computer adaptive
testing (CAT) [12] allows us to reduce the number of items in
a questionnaire without losing discriminatory validity. Its
applicability has been demonstrated in depression [13] and
anxiety [14], but not yet in the assessment of the risk of suicidal
behavior. Because answering several items on suicidal behavior
online can be burdensome for patients, especially at baseline or
on intake [15,16], a shorter assessment of suicidal ideation is
preferable.
Computer Adaptive Testing
CAT is possible because of item response theory (IRT) and the
wide availability of the Internet. IRT is based on a computerized
iterative process that, for each item, regresses the patient’s
response on a latent trait score (theta; suicide ideation in our
example), the estimated value of which maximizes the likelihood
of the patient’s pattern of responses [17]. More concretely, a
patient answers an item online and based on the response to that
single item, the computer follows an IRT-based algorithm that
offers the patient the next most informative item. After the
patient’s score has been estimated at the predefined level of
precision, no more items are administered. So, only the fewest
possible items are offered per patient, resulting in less
respondent burden and even more accurate outcomes [17]. Due
to these advantages, IRT and CAT are currently being applied
in health outcomes research to develop or improve existing
measures. For example, The Patient-Reported Outcomes
Measurement Information System (PROMIS), a large project
funded by the National Institute of Health to develop valid,
reliable, and standardized questionnaires to measure patient
outcomes [12] relies heavily on IRT and CAT modeling.
Current Study
The goal of the current study was to investigate whether we can
use CAT to shorten the BSS without losing discriminatory
validity. We followed the 5 steps of the psychometric analysis
plan as used in the PROMIS project [12]. We provided
descriptive statistics, evaluated the assumptions for the IRT,
fitted an IRT model to our data, tested for item bias, and
stimulated a CAT on our data. Because this paper is the first to
apply IRT and CAT in the field of suicidology, we explain every
step of the process in depth. We have ended this paper with a
concrete example of a shortened version of the Dutch version
of the Beck Scale for Suicide Ideation (BSS-NL). An overview
of the 5 psychometric steps are:
1. Descriptive statistics
2. Testing of assumptions about the IRT model
3. Fitting of the IRT model to the data
4. Evaluating differential item functioning (DIF)
5. Computer adaptive testing
Methods
Measurement Procedure
We used the data collected at baseline in the Dutch Professionals
in Training to STOP suicide (PITSTOP suicide) study [18]. In
the study, mental health professionals were trained in guideline
adherence via an e-learning-supported Train-the-Trainer
program. Although the intervention was aimed at improving
suicide prevention skills of professionals [19], the primary
outcome of the study was a change in suicide ideation of patients
as measured with the Dutch version of the BSS, the BSS-NL.
The BSS was translated into Dutch making use of forward and
back translation, and was recently used in a clinical trial study
[20]. The preferred mode of data collection among patients was
via the routine outcome monitoring (ROM) system, an online
system by which data on the effectiveness of treatment in
everyday clinical practice are systematically collected [3]. In
departments not using ROM, graduate students and/or research
assistants used paper-and-pencil questionnaires to collect data.
The main Diagnostic and Statistical Manual of Mental Disorders
(Fourth Edition) DSM-IV diagnosis of each patient was assessed
at intake via a structured interview by a mental health
professional.
All eligible patients were informed about the study and all
provided informed consent.
Software
All analyses were performed in R [21]. Descriptive statistics
and principal components analysis (PCA) were obtained via the
psych package [22]. The confirmatory factor analysis (CFA)
models were estimated using the lavaan package [23]. Graded
response models (GRM) were fitted using the latent trait
modeling (LTM) package [24]. The mokken package was used
to estimate monotonicity [25]. DIF was checked via the lordif
package [26]. The CatIRT package was used for the CAT
simulation [27].
We followed the 5 steps as used in the PROMIS study as listed
in the Introduction.
Step 1: Descriptive Statistics
Descriptive statistics were described. Cronbach alpha [28] was
used to test internal consistency reliability, with .8 as acceptable
minimum.
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Step 2: Testing Assumptions About the Item Response
Theory Model
Before fitting the IRT model, the basic assumptions for IRT
models were tested. The assumptions for IRT are
unidimensionality, local independency, and monotonicity [17].
For unidimensionality, we performed a PCA to examine whether
a 1-dimensional test explained at least 20% of the variance and
whether the ratio of explained variance of the first factor to the
second was 4 or higher [29]. Next, we used a CFA to test
unidimensionality by using various fit indexes [12]. The residual
matrix produced by this single factor CFA was used to test the
second assumption, local independence. Correlations >.2 were
flagged and considered as possible violations of local
independence [12]. Finally, monotonicity was examined by
fitting a nonparametric IRT model that resulted in IRT
probability curves. Nonmonotonic items with a scalability
coefficient <.3 [25] were flagged [12] and described.
Step 3: Fit an Item Response Theory Model to the Data
There are a great number of different IRT models [30]. For
questions with ordered-response categories, the GRM [31] was
proposed. Because the BSS has 3 ordered-response options (0,
1, and 2; a higher score represents a higher level of suicide
ideation), we fitted a GRM to our data.
As an introduction to the GRM, we provided an example of a
GRM for item 7 (frequency of thinking about suicide) of the
BSS. Figure 1 shows a function per response category (0, 1,
and 2) that corresponds to the chance that a participant chooses
that option given a certain score of theta. Because each item of
the BSS has 3 response options (0, 1, and 2) per item, 3 curves
are presented. The combined chance of all 3 response curves at
any certain level of theta is always 1. In other words, in Figure
1, if a patient has a theta of –2, the chance that a patient will
choose option 0 is approximately 1. If a patient has a theta of
1.5, he/she has an approximately zero chance of endorsing
option 0, 0.65 chance of endorsing option 1, and 0.35
(1–[0+0.65]) of endorsing option 2. Patients that score theta ≥2
will most likely endorse option 2. Every single item is defined
by a discrimination parameter (alpha) and 2 location parameters
(β1 and β2). The item parameters of the current example are
estimated to be α=4.117, β1=0.171, and β2=1.243. The
discrimination parameter reflects the true difference in theta per
item and is comparable to a factor loading. The betas (threshold
parameters) indicate the location on the scale of the latent
continuum where the item best discriminates among individuals.
To evaluate the fit of the IRT model to the data, category
response curves (CRC) for each single item, such as in Figure
1, were plotted.
Figure 1. Example of category response curve for item 7 (frequency of thinking about suicide). Number and colors (0: black; 1: red; 2: green) reflect
answer options.
Step 4: Evaluation of Differential Item Functioning
Differential item functioning (DIF) exists if patients from 2
groups (eg, men and women) who are equal in terms of the level
of theta do not have the same probability of endorsing a test
item [32]. Similarly to the PROMIS study, 4 important
covariates were considered: gender, age (18-49 years, 50-69
years), education (low level of education/college or advanced
degree), and method of administration (computer vs paper and
pencil). The IRT item parameters (discrimination and threshold
parameters) are assumed to be linear invariant with respect to
group membership. Any difference found in CRC then indicates
that patients with the same level of theta but from different
groups have a different probability of endorsing an item. Items
that show DIF at an alpha level of 0.01 were flagged. Because
statistical power is dependent on sample size, trivial but nonzero
differences are likely to be found to be significant in our large
sample. Therefore, we also reported effect sizes to further
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investigate the magnitude of the DIF. McFadden’s pseudo R2
<.13 are negligible, and effect sizes between .13 and .26 are
moderate [26].
Step 5: Computer Adaptive Testing
The Package CatIRT performs a post hoc CAT. The IRT
parameters obtained in step 3 were used for our CAT simulation
unless the DIF analysis suggested using different parameters
for subgroups of patients. As a starting point, we set an entry
level, which is normally chosen to be 0 [13]. The first item to
be selected was the item with the most information at this initial
level of suicide ideation. The next item was selected via
maximum Fisher information method, related to the theta
estimated on basis of the just-selected item and the response to
that item. Finally, we determined a stopping rule. As a stopping
rule, we used a value of theta that reflects BSS >2 (θ >-1). Our
CAT was terminated if the confidence interval surrounding an
estimate of theta was fully within 1 of the categories (elevated
risk/no elevated risk). We used a confidence interval of 99%.
Because questionnaires in mental health care tend to peak at the
relative higher levels of the clinical outcome [13,17,33], we
also added a second stopping rule to prevent subjects without
suicide ideation from having to complete all 19 items. The
second stopping rule was use a maximum of 6 items. We




We applied the CAT to the 505 patients within the PITSTOP
suicide trial that completed the full 19 items. Initially, data were
collected via the ROM. After the start of the study, it appeared
difficult for most departments to collect our data via the ROM.
In total, only 43% (217/505) of the data was collected using the
ROM. As an alternative, research assistants and clinicians were
instructed to complete the questionnaire via paper and pencil.
Of the 505 patients, 93 (18.4%) patients had a total BSS score
of 0, and 254 (50.3%) had a score <8; 128 (25.3%) had
depression as their primary diagnosis and 50 (9.9%) had a
personality disorder. Mean age was 42 (SD 9.2) years. At
baseline, 183 of 505 (36.2%) patients stated they had attempted
suicide at least once.
Step 1: Descriptives
The overall Cronbach alpha was .94. Average score on the BSS
was 10.4 (SD 9.4). As Table 1 shows, removing 1 item did not
lead to a substantial improvement of the internal consistency.
The item-rest or remainder correlations (Rrest) were also
satisfactory.
Table 1. Descriptive statistics of the single items of the BSS-NL.
R restCronbach αMean (SD)CategorySingle item content
210
.670.940.66 (0.79)681952421. Wish to live
.740.930.82 (0.70)1101961992. Wish to die
.690.930.59 (0.84)701572783. Reasons living/dying
.800.930.69 (0.76)881712464. Desire to kill oneself
.630.930.67 (0.77)831742485. Passive suicidal desire
.760.930.51 (0.90)731133196. Duration of suicide ideation
.800.930.46 (0.96)351603107. Frequency of thinking about suicide
.730.930.57 (0.85)671532858. Acceptance of idea of suicide
.680.930.36 (1.08)211403449. Control over suicide action
.700.930.48 (0.93)5313831410. Reasons for not committing suicide
.480.931.02 (0.67)2354722311. Reasons for wanting to commit suicide
.710.930.51 (0.91)6911831812. Specific plan to commit suicide
.600.930.61 (0.82)1393133513. Access to suicide method
.740.930.59 (0.83)7415227914. Courage/ability to commit suicide
.760.930.44 (0.98)3415331815. Expectation to commit suicide
.630.930.28 (1.19)258939116. Preparations for suicide
.490.930.30 (1.16)397239417. Writing of suicide note
.370.930.39 (1.04)4510635418. Final acts in anticipation of death
.470.930.54 (0.88)7412330819. Conceal ideation
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Step 2: Testing of Assumptions of the Item Response
Theory Model
When fitting a 1-factor PCA, we found that 50% of the
proportional variance was explained by the first factor. The ratio
between a 1- and a 2-factor model indicated that the first factor
model explained 14 times more variance than the second factor.
When fitting a confirmatory analysis we found a comparative
fit index of 0.999, a Tucker-Lewis index of 0.989, a
root-mean-square error of approximation of 0.045 (90% CI
0.038-0.053), and a standardized root-mean-square residual of
0.059.
Step 3: Fitting of a Graded Response Model
Overview
Table 2 shows that all 19 items had an alpha higher than 1. Item
7 (frequency of thinking about suicide) seems to discriminate
best between patients with a higher or lower level of suicidal
ideation, as indicated by the high alpha of 4.117.
Table 2. Graded response model parameters for the Dutch version of the Beck Scale for Suicide Ideation (BSS-NL).
ParameterItem and content
β2β1α
0.5560.0292.3661. Wish to live
0.180–0.1593.1972. Wish to die
0.9370.0343.0363. Reasons living/dying
0.691–0.1234.0824. Desire to kill oneself
0.898–0.1882.2705. Passive suicidal desire
1.0540.2763.4346. Duration of suicide ideation
1.2430.1714.1177. Frequency of thinking about suicide
0.9850.0713.4378. Acceptance of idea of suicide
1.5870.3863.1659. Control over suicide action
1.2580.2633.04810. Reasons for not committing suicide
0.1000.0011.55711. Reasons for wanting to commit suicide
1.1220.3053.00312. Specific plan to commit suicide
0.6160.5502.47913. Access to suicide method
0.9320.0453.78014. Courage and ability to commit suicide
1.3690.2323.82515. Expectation to commit suicide
1.8150.7542.53216. Preparations for suicide
1.9521.0161.78617. Writing of suicide note
2.4140.8871.09818. Final acts in anticipation of death
1.4660.3341.43619. Hide, conceal, or lie about suicide ideation
Category Response Curves
Of the 19 items, 17 showed CRC plots as expected. Items 11
(reasons for wanting to commit suicide) and 13 (access to suicide
method) showed CRCs that warranted extra inspection. Table
3 shows the mean overall theta of participants per response
option for 3 different items: item 7, which had a good CRC,
and for items 11 and 13, which showed unsatisfactory CRCs.
For items 11 and 13, the difference in mean theta for responses
1 and 2 was small and their confidence intervals overlapped,
indicating that a higher score on 1 of these items does not
necessarily reflect a higher level of suicidal ideation.
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Table 3. The mean theta of patients that endorsed response option 0, 1, and 3 for items 7, 11, and 13.
95% CIMean θItem and response












Step 4: Differential Item Functioning
No items were flagged for DIF when analyzing differences in
gender, age, or education. When analyzing the effect for the
administration method, 7 items were flagged. However, R2 were
all <.13.
Step 5: Computer Adaptive Testing
When administrating all 19 items, 345 patients were classified
as being at risk (Table 4). When allowing the number of items
to vary between 3 and 19, CAT simulations showed that, on
average, 10 items were sufficient to meet the same classification
as the first model. For a large number of patients with a low
trait of suicidal ideation, all items were exhausted before the
stopping rule was met (Figure 2). When using a maximum of
6 items, 336 instead of 345 patients were classified as having
an elevated risk (Table 4).
Table 4. Classification of risk for several stopping rules for Beck Scale for Suicide Ideation scores >2.
Number of patients with elevated risk of fu-
ture suicidal behavior
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Our simulation showed that an IRT model can be fitted to the
BSS-NL and that CAT can successfully be applied to reduce
the length of the BSS-NL when assessing risk of future suicidal
behavior. PCA and confirmatory factor analysis found the scale
to be highly unidimensional. No local independence or violation
of monotonicity was found. Therefore, all assumptions for IRT
modeling were met. For 17 of 19 items, IRT parameters were
satisfactory indicating that most items are well suited to provide
differential information on a patient’s level of suicidal ideation.
When using CAT with a maximum of 6 items, only 9 of 505
(1.7%) patients were classified in a different category when
compared to the classification under all 19 items. Importantly,
this simulation demonstrated that CAT makes it possible to
administer only 4 items, on average, instead of the full 19
without losing discriminatory validity.
Improvement of the Items 11 and 13
We found items 11 (reasons for wanting to commit suicide) and
13 (access to suicide method) to show unsatisfactory item
parameters. Further inspection revealed that, for both items,
patients with comparable levels of suicide ideation were equally
likely to endorse either option 1 or 2. For example, consider
item 13. Our data showed that patients with low suicidal trait
were more likely to endorse option 0 (have no access to means)
and patients with higher levels of suicidality were equally likely
to endorse option 1 (it takes time to find means) or 2 (I have
access to means). Due to this overlap, patients with the same
level of suicidal ideation might end up with different summed
total scores. Therefore, when using the full-scale version of the
BSS, we advise rephrasing the response options of both items,
offering them as dichotomous items or excluding them.
Strengths and Limitations
Because this is a simulation study, real-time CAT studies are
needed to determine the most accurate item parameters. Few
clinical studies have implemented CAT in real time, but those
studies that did showed a good comparison with simulation
studies (eg, [34]). Next, it is necessary to compare the
parameters of the current study with, for example, data collected
with the original English-language version of the BSS. For our
simulation, we used a fixed theta as cut-off score instead of the
established BSS score >2. Future prospective studies must
examine the most plausible theta cut-off to predict elevated risk
of suicidal behavior. Also, we had no long-term follow-up data
on whether patients actually engaged in any suicidal behavior
after the assessment. Therefore, we were not able to compare
the predictive validity of the CAT with the predictive validity
of the full test. An additional limitation of CAT approaches
might be that CAT data would not be comparable to normative
data. By standardizing outcomes as done in meta-analysis [35],
scores assessing the same outcome but measured in a variety
of ways can still be compared.
With the BSS-NL, it seems to be difficult to investigate small
differences in patients with a low suicidal trait. This has been
found more often in mental health assessments [13,17,33]. A
hybrid CAT approach, such as the 2-stage semiadaptive testing
strategy recommended by Choi et al [35], might also be
appropriate and result in even more accurate classification.
Finally, although wireless Internet and reliable hardware are
widely available, the current state of ICT in (Dutch) mental
health care reduces the feasibility of large-scale CAT
implementation. Even for our normal (non-CAT) assessments,
many of the research assistants within our study had to resort
to paper-and-pencil testing because computerized testing was
technically not possible. Obviously, this precludes CAT.
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Strengths of this study pertain to its large sample size; 505
patients from various psychiatric departments completed the
BSS. Therefore, the external validity of the findings is
considerable. Another strength of the current paper is the
application of modern psychometric techniques within the field
of clinical psychology/psychiatry. For several reasons, such as
lack of interest in new techniques and insufficient mathematical
training, the integration of new techniques in
psychology/psychiatry has been suboptimal at least [36]. By
thoroughly explaining every step of our analysis and by focusing
on the actual application of IRT and CAT in the clinical field,
this paper hopes to stimulate the use of contemporary
psychometric techniques.
Concrete Example of the Computer Adaptive Testing
As stated previously, due to the mathematical and computational
modeling, IRT and CAT can be a bit daunting for clinicians and
applied scientists. Therefore, we provide a concrete example of
our last CAT simulation (theta bound=–1, max items=6) (Figure
3). In our simulation, all patients started with item 4. Based on
the answer to item 4, either item 2 or item 6 is selected, or the
person is at an elevated risk (if the participant answers with
response 2). For example, if a patient choose response 1 for
item 4 (“I have a weak desire to kill myself”), the next most
informative item would be item 6 (“length of periods of thinking
about killing oneself”). If a patient answers that item with either
moderate or long periods (responses 1 or 2), they would be
categorized to be at high risk. If a patient selects response 0
(very brief periods), the next item would be item 7 (frequency
of suicidal thoughts). Following this algorithm, a high-risk
patient needs only 1 or 2 items to be classified as having an
elevated risk.
Figure 3. Concrete example of a result of a CAT simulation.
Conclusions
One of the main advantages of CAT is the reduction of
respondent burden. Answering items on suicidal behavior online
can be difficult for patients, resulting in a high dropout rate.
Because attrition is a well-known problem in eHealth, reducing
response burden of online assessment of suicidal behavior is
important. It should be noted that our CAT simulation showed
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that the number of items can be considerably reduced when
using the BSS-NL to assess elevated risk of suicidal behavior.
Our simulation showed that 4 items, on average, were sufficient.
Obviously, for CAT to be widely accepted and implemented,
many more (prospective) studies should be done and ICT within
mental health or research settings should be drastically
improved. However, considering the need for rapid yet accurate
online assessment of suicide risk in both clinical and research
practice, we argue that IRT and CAT are likely to play important
roles in the development of better measurement methods for
the assessment of risk of suicidal behavior.
 
Acknowledgments
This study is funded by the Dutch organization for health research and development (ZonMW).
Authors' Contributions
AK, MdG, and JdK obtained funding for this study. DdB carried out the study. DdB and AdV drafted the manuscript. AK, MdG,




1. Beck AT, Kovacs M, Weissman A. Assessment of suicidal intention: the Scale for Suicide Ideation. J Consult Clin Psychol
1979 Apr;47(2):343-352. [Medline: 469082]
2. Brown GK, Beck AT, Steer RA, Grisham JR. Risk factors for suicide in psychiatric outpatients: a 20-year prospective
study. J Consult Clin Psychol 2000 Jun;68(3):371-377. [Medline: 10883553]
3. Beck AT, Steer RA, Ranieri WF. Scale for Suicide Ideation: psychometric properties of a self-report version. J Clin Psychol
1988 Jul;44(4):499-505. [Medline: 3170753]
4. Brown GK. A review of suicide assessment measures for intervention research with adults and older adult. 2001 Jan 01.
URL: http://ruralccp.org/lyra-data/storage/asset/brown-nd-27cb.pdf [accessed 2014-09-01] [WebCite Cache ID 6SGBncew4]
5. Mishara BL. In: Mishara BL, Kerkhof AJ, editors. Suicide Prevention and New Technologies. New York: Palgrave
Macmillan; Jan 01, 2013:1-185.
6. De Jaegere E. Analysis of Available Technology-Based Suicide Prevention Programmes. 2013 Jan 01. URL: http://www.
zorg-en-gezondheid.be/uploadedFiles/Zorg_en_Gezondheid/Nieuws/2014/Analysis%20of%20TBSP%20programmes.pdf
[accessed 2014-09-05] [WebCite Cache ID 6SMPnPKZN]
7. van Spijker B. Reducing the Burden of Suicidal Thoughts Through Online Self-Help [dissertation]. Amsterdam: VU
University Amsterdam; 2012 Jan 01. URL: http://dare.ubvu.vu.nl/bitstream/handle/1871/35540/dissertation.
pdf;jsessionid=0292571E72767707968B94D6CDEF289F?sequence=1 [accessed 2014-09-05] [WebCite Cache ID
6SMQ4ARzX]
8. Myin-Germeys I, Oorschot M, Collip D, Lataster J, Delespaul P, van Os J. Experience sampling research in psychopathology:
opening the black box of daily life. Psychol Med 2009 Sep;39(9):1533-1547. [doi: 10.1017/S0033291708004947] [Medline:
19215626]
9. Nock MK, Prinstein MJ, Sterba SK. Revealing the form and function of self-injurious thoughts and behaviors: A real-time
ecological assessment study among adolescents and young adults. J Abnorm Psychol 2009 Nov;118(4):816-827. [doi:
10.1037/a0016948] [Medline: 19899851]
10. de Beurs E, den Hollander-Gijsman ME, van Rood YR, van der Wee NJ, Giltay EJ, van Noorden MS, et al. Routine outcome
monitoring in the Netherlands: practical experiences with a web-based strategy for the assessment of treatment outcome in
clinical practice. Clin Psychol Psychother 2011;18(1):1-12. [doi: 10.1002/cpp.696] [Medline: 20238371]
11. Eysenbach G. The law of attrition. J Med Internet Res 2005;7(1):e11 [FREE Full text] [doi: 10.2196/jmir.7.1.e11] [Medline:
15829473]
12. Reeve BB, Hays RD, Bjorner JB, Cook KF, Crane PK, Teresi JA, PROMIS Cooperative Group. Psychometric evaluation
and calibration of health-related quality of life item banks: plans for the Patient-Reported Outcomes Measurement Information
System (PROMIS). Med Care 2007 May;45(5 Suppl 1):S22-S31. [doi: 10.1097/01.mlr.0000250483.85507.04] [Medline:
17443115]
13. Smits N, Cuijpers P, van Straten A. Applying computerized adaptive testing to the CES-D scale: a simulation study.
Psychiatry Res 2011 Jun 30;188(1):147-155 [FREE Full text] [doi: 10.1016/j.psychres.2010.12.001] [Medline: 21208660]
14. Walter OB, Becker J, Bjorner JB, Fliege H, Klapp BF, Rose M. Development and evaluation of a computer adaptive test
for 'Anxiety' (Anxiety-CAT). Qual Life Res 2007;16 Suppl 1:143-155. [doi: 10.1007/s11136-007-9191-7] [Medline:
17342455]
15. Jorm AF, Kelly CM, Morgan AJ. Participant distress in psychiatric research: a systematic review. Psychol Med 2007
Jul;37(7):917-926. [doi: 10.1017/S0033291706009779] [Medline: 17224097]
J Med Internet Res 2014 | vol. 16 | iss. 9 | e207 | p.9http://www.jmir.org/2014/9/e207/
(page number not for citation purposes)
De Beurs et alJOURNAL OF MEDICAL INTERNET RESEARCH
XSL•FO
RenderX
16. Younes N, Chee CC, Turbelin C, Hanslik T, Passerieux C, Melchior M. Particular difficulties faced by GPs with young
adults who will attempt suicide: a cross-sectional study. BMC Fam Pract 2013;14:68 [FREE Full text] [doi:
10.1186/1471-2296-14-68] [Medline: 23706018]
17. Embretson SE. Item Response Theory for Psychologists. New Jersey: Psychology Press; Jan 01, 2000.
18. de Beurs DP, de Groot MH, Bosmans JE, de Keijser J, Mokkenstorm J, Verwey B, et al. Reducing patients' suicide ideation
through training mental health teams in the application of the Dutch multidisciplinary practice guideline on assessment and
treatment of suicidal behavior: study protocol of a randomized controlled trial. Trials 2013;14:372 [FREE Full text] [doi:
10.1186/1745-6215-14-372] [Medline: 24195781]
19. de Beurs DP, de Groot MH, de Keijser J, Verwey B, Mokkenstorm J, Twisk JW, et al. Improving the application of a
practice guideline for the assessment and treatment of suicidal behavior by training the full staff of psychiatric departments
via an e-learning supported Train-the-Trainer program: study protocol for a randomized controlled trial. Trials 2013;14:9
[FREE Full text] [doi: 10.1186/1745-6215-14-9] [Medline: 23302322]
20. van Spijker BA, van Straten A, Kerkhof AJ. The effectiveness of a web-based self-help intervention to reduce suicidal
thoughts: a randomized controlled trial. Trials 2010;11:25 [FREE Full text] [doi: 10.1186/1745-6215-11-25] [Medline:
20214777]
21. Team RDC. R project. Vienna, Austria: R Project for Statistical Computing; 2009. URL: http://cran.r-project.org/ [accessed
2014-09-01] [WebCite Cache ID 6SGCtRX0l]
22. Revelle W. An overview of the psych package. 2014 Aug 11. URL: http://personality-project.org/r/overview.pdf [accessed
2014-09-01] [WebCite Cache ID 6SGD1i29X]
23. Rosseel Y. Journal of Statistical Software. 2012 May. lavaan: an R package for structural equation modeling URL: http:/
/www.jstatsoft.org/v48/i02/paper [accessed 2014-09-05] [WebCite Cache ID 6SMQSrJ8n]
24. Rizopoulos D. Ltm: An R package for latent variable modeling item response theory analyses. Journal of Statistical Software
2006;17(5):1-25.
25. van der Ark LA. Journal of Statistical Software. 2007 May. Mokken scale analysis in R URL: http://www.jstatsoft.org/v20/
i11/paper [accessed 2014-09-05] [WebCite Cache ID 6SMQfAa1A]
26. Choi SW, Gibbons LE, Crane PK. lordif: An R Package for Detecting Differential Item Functioning Using Iterative Hybrid
Ordinal Logistic Regression/Item Response Theory and Monte Carlo Simulations. J Stat Softw 2011 Mar 1;39(8):1-30
[FREE Full text] [Medline: 21572908]
27. Nydick SW. Package CATIRT. 2014 Apr 02. URL: http://cran.r-project.org/web/packages/catIrt/catIrt.pdf [accessed
2014-09-01] [WebCite Cache ID 6SGDOwjx0]
28. Gadermann AM, Guhn M, Zumbo BD. Practical Assessment, Research & Evaluation. 2012 Jan. Estimating ordinal reliability
for Likert-type and ordinal item response data: A conceptual, empirical, and practical guide URL: http://pareonline.net/
getvn.asp?v=17&n=3 [WebCite Cache ID 6SMQvxShi]
29. Reise SP, Waller NG. Item response theory and clinical measurement. Annu Rev Clin Psychol 2009;5:27-48. [doi:
10.1146/annurev.clinpsy.032408.153553] [Medline: 18976138]
30. van der Linden WJ. Handbook of Modern Item Response Theory. New York: Springer; 1997.
31. Samejima F. Psychometrika monograph supplement. Richmond, VA: Psychometric Society; 1969 Jan 01. Estimation of
latent ability using a response pattern of graded scores URL: http://www.psychometricsociety.org/sites/default/files/pdf/
MN17.pdf [accessed 2014-09-05] [WebCite Cache ID 6SMRDEbpk]
32. Holland PW, Wainer H. Differential Item Functioning. New York: Routledge; 1993.
33. Young MA, Halper IS, Clark DC, Scheftner W, Fawcett J. An item-response theory evaluation of the Beck Hopelessness
Scale. Cogn Ther Res 1992 Oct;16(5):579-587. [doi: 10.1007/BF01175143]
34. Kocalevent RD, Rose M, Becker J, Walter OB, Fliege H, Bjorner JB, et al. An evaluation of patient-reported outcomes
found computerized adaptive testing was efficient in assessing stress perception. J Clin Epidemiol 2009 Mar;62(3):278-87,
287.e1. [doi: 10.1016/j.jclinepi.2008.03.003] [Medline: 18639439]
35. Choi SW, Reise SP, Pilkonis PA, Hays RD, Cella D. Efficiency of static and computer adaptive short forms compared to
full-length measures of depressive symptoms. Qual Life Res 2010 Feb;19(1):125-136 [FREE Full text] [doi:
10.1007/s11136-009-9560-5] [Medline: 19941077]
36. Borsboom D. The attack of the psychometricians. Psychometrika 2006;71(3):425-440.
Abbreviations
BSS: Beck Scale for Suicide Ideation
BSS-NL: Dutch version of the BSS
CAT: computer adaptive testing
DIF: differential item functioning
IRT: item response modeling
PCA: principal component analysis
PITSTOP suicide: Professionals in Training to STOP suicide
J Med Internet Res 2014 | vol. 16 | iss. 9 | e207 | p.10http://www.jmir.org/2014/9/e207/
(page number not for citation purposes)
De Beurs et alJOURNAL OF MEDICAL INTERNET RESEARCH
XSL•FO
RenderX
PROMIS: The Patient-Reported Outcomes Measurement Information System
Rrest: item-rest correlation
Edited by G Eysenbach; submitted 06.05.14; peer-reviewed by P Batterham, E De Jaegere; comments to author 16.07.14; accepted
25.07.14; published 11.09.14
Please cite as:
De Beurs DP, de Vries ALM, de Groot MH, de Keijser J, Kerkhof AJFM
Applying Computer Adaptive Testing to Optimize Online Assessment of Suicidal Behavior: A Simulation Study




©Derek Paul De Beurs, Anton LM de Vries, Marieke H de Groot, Jos de Keijser, Ad JFM Kerkhof. Originally published in the
Journal of Medical Internet Research (http://www.jmir.org), 11.09.2014. This is an open-access article distributed under the terms
of the Creative Commons Attribution License (http://creativecommons.org/licenses/by/2.0/), which permits unrestricted use,
distribution, and reproduction in any medium, provided the original work, first published in the Journal of Medical Internet
Research, is properly cited. The complete bibliographic information, a link to the original publication on http://www.jmir.org/,
as well as this copyright and license information must be included.
J Med Internet Res 2014 | vol. 16 | iss. 9 | e207 | p.11http://www.jmir.org/2014/9/e207/
(page number not for citation purposes)
De Beurs et alJOURNAL OF MEDICAL INTERNET RESEARCH
XSL•FO
RenderX
